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Visualization for the 8s time horizon: (a) IoU and (b) VPQ.

(a) The local maxima of the segmentation is highly

similar to the centerness; (b) the flow can be under- Surrounding Camera Images
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(b) Flow Warping Backward Centripetal Flow
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(a) Instance-level association using forward flow,
(b) our proposed warping-based pixel-level associa-
tion using backward centripetal flow.
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